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1. Overview

This supplementary material shows more visual results of comparing with state-of-the-art methods on both global and
local regions. Fig. 1| shows comparison with the state-of-the-art methods on hallucination global test dataset. Fig. [2| shows
comparison with the state-of-the-art methods on hallucination local test dataset which is eyeglasses on “eye” part. Fig. [3]
shows comparison with the state-of-the-art methods on hallucination local test dataset which is goatee on “mouth & nose”

part. Fig. [f]shows comparison with the state-of-the-art methods on hallucination local test dataset which is heavy makeup on
“face” part.
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Figure 1. Comparison with the state-of-the-art methods on hallucination global test dataset. (a) Low-resolution inputs images. (b) Bicubic
interpolation. (c) LapSRN [1. (d) Ma et al. [2]. (¢) UR-DGN [3]. (f) TDN [4]. (g) AACNN - L5F_ (h) AACNN - L% 4 139 (i)
High-resolution images.
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Figure 2. Comparison with the state-of-the-art methods on hallucination local test dataset which is eyeglasses on “eye” part. (a) Low-
resolution inputs images. (b) Bicubic interpolation. (c) LapSRN [1]|. (d) Ma et al. [2]]. (¢) UR-DGN [3]. (f) TDN [4]. (g) Baseline - L%,
(h) AACNN - L5 (i) AACNN-LF 4 L% (j) High-resolution images.
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Figure 3. Comparison with the state-of-the-art methods on hallucination local test dataset which is goatee on "mouth & nose” part. (a)
Low-resolution inputs images. (b) Bicubic interpolation. (c¢) LapSRN []]. (d) Ma et al. [2]]. (¢) UR-DGN [3]. (f) TDN [4]. (g) Baseline -

L% (h) AACNN - L% (i) AACNN-LSF 4 L2%_ (j) High-resolution images.
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Figure 4. Comparison with the state-of-the-art methods on hallucination local test dataset which is heavy makeup on face” part. (a) Low-
resolution inputs images. (b) Bicubic interpolation. (c) LapSRN []]. (d) Ma et al. [2]]. (¢) UR-DGN [3]]. (f) TDN [4]. (g) Baseline - L5,
(h) AACNN - L°F_ (i) AACNN-LF 4 L% _(j) High-resolution images.



